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The employee selection process is an important factor in obtaining human 

resources that meet the company's needs. At PT. ALD Logistik Indonesia, the 

new employee selection process is still carried out manually, which has the 

potential to cause subjectivity in assessments, requires a relatively long time, 

and risks producing less than optimal decisions. This study aims to apply the 

Profile Matching method as a decision support system in the process of 

selecting new employee candidates to improve the objectivity and accuracy 

of decision making. The Profile Matching method is used by comparing 

candidate profiles to ideal profiles based on the criteria of work experience, 

warehousing experience, and experience operating warehouse vehicles. The 

research stages include data collection, determining standard profiles, gap 

mapping, value weighting, calculating Core Factors and Secondary Factors, 

and the candidate ranking process. Research data were obtained from 35 

applicants who participated in the recruitment process at PT. ALD Logistik 

Indonesia, with 28 candidates who passed the administrative stage and 

participated in the assessment process. The results of the study indicate that 

the Profile Matching method is able to produce objective candidate rankings 

based on the level of suitability to the company's expected profile. The best 

candidate achieved a final score of 7.87, and the selection results showed a 

26.67% increase in accuracy compared to the previous selection method. This 

study concludes that the Profile Matching method is effective as a decision 

support system in the new employee selection process because it can reduce 

subjectivity, increase the efficiency of the selection process, and produce 

more consistent decisions. The contribution of this study is to provide a 

Profile Matching-based employee selection model that can be applied to 

logistics companies to support a more effective and accurate recruitment 

process. 
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1. INTRODUCTION 
Human resources (HR) are a strategic asset that plays a crucial role in determining an organization's success. 

The quality of recruited employees will impact productivity, operational effectiveness, and the company's long-

term competitiveness[1],[2]. Therefore, the employee selection process must be conducted objectively, 

systematically, and based on relevant criteria to ensure the company finds candidates who meet its job 

requirements. However, in practice, many companies still use conventional selection methods that rely on 

subjective assessments by management, potentially resulting in inaccurate decisions and requiring a relatively long 

time[3],[4]. 

PT. ALD Logistik Indonesia is a company engaged in logistics, warehousing, and distribution services. The 

company's new employee selection process still involves manual document evaluation and interviews[5]. This 

method presents several challenges, such as the difficulty of consistently comparing candidates, the high risk of 

human error, and the inherent subjectivity of decision-making. This situation highlights the need for the 
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implementation of a decision support system that can facilitate a more objective and measurable selection 

process[6].  

 Extensive research has been conducted on the application of the Profile Matching method in decision 

support systems. Research by Albayrak shows that the combination of the Analytical Hierarchy Process (AHP) 

and Profile Matching methods can improve the effectiveness of the employee selection process by producing a 

more structured candidate ranking[7]. Another study by Wibowo proves that the Profile Matching method can 

reduce subjectivity in the recruitment process and accelerate decision-making[8]. Furthermore, recent research by 

Sunarti shows that implementing web-based Profile Matching can improve the efficiency and transparency of the 

employee selection process[9]. Similar findings have also been reported in various Scopus-indexed publications, 

stating that the multi-criteria decision-making approach is increasingly being used to support the recruitment 

process because it can improve decision quality and the consistency of candidate evaluation. 

However, most previous research has focused on developing decision support systems or combining Profile 

Matching with other methods such as AHP, TOPSIS, and SAW[10],[11]. Research specifically applying the 

Profile Matching method to the workforce selection process in the logistics sector using criteria such as work 

experience, warehousing experience, and experience operating warehouse vehicles is still relatively limited. 

Furthermore, few studies have evaluated the accuracy of selection results compared to existing recruitment 

processes in companies. 

Based on these issues, this study aims to apply the Profile Matching method to the selection process for 

new employees at PT. ALD Logistik Indonesia. This method is used to compare candidate profiles with the ideal 

profile established by the company to obtain a ranking of candidates based on their level of suitability. The main 

contribution of this research is the development of a decision support system model capable of improving the 

objectivity, consistency, and accuracy of the employee selection process in logistics companies. The results are 

expected to serve as a reference for organizations in optimizing recruitment processes based on measurable and 

systematic decision-making methods. 

2. METHODS 

3.1. Research Stages 

The research stages are a series of processes carried out systematically to achieve the research objective, 

namely developing a decision support system for selecting new employee candidates using the Profile Matching 

method at PT. ALD Logistik Indonesia. This research began with identifying problems encountered in the 

employee selection process, followed by a literature review to obtain a relevant theoretical basis. Data was then 

collected through observation, interviews, and documentation. The data obtained was then processed by 

determining assessment criteria and ideal candidate profiles as the basis for implementing the Profile Matching 

method. Subsequent stages included gap mapping, value weighting, Core Factor and Secondary Factor 

calculations, and candidate ranking[12],[13]. The results were then analyzed and evaluated to determine the 

effectiveness of the method used in supporting the decision-making process. The overall research stages are shown 

in Figure 1. 

 

Figure 1. Research Stages for Employee Selection Using the Profile Matching Method 

3.2. Data Collection 

Data collection was conducted to obtain information to support the selection process for new employee 

candidates at PT. ALD Logistik Indonesia. The techniques used included: (1) observation, to directly observe the 

employee recruitment and selection process; (2) interviews, to obtain information regarding assessment criteria 

and management decision-making mechanisms; and (3) documentation, through the collection of applicant data, 

selection results, candidate work experience, and other supporting documents used in the implementation of the 

Profile Matching method. The dataset used in this study comes from employee recruitment data from PT. ALD 
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Logistik Indonesia for the period of April 2024. The number of registered applicants was 35 people, then an 

administrative selection process was carried out so that 28 candidates were obtained who met the requirements 

and were entitled to participate in the interview stage as shown in Table 1. Furthermore, based on the evaluation 

and assessment process carried out by the company, the 15 best candidates were determined to have passed and 

were recommended for recruitment, as shown in Table 3. 

 

Table 1. List of Applicants Participating in the Interview Stage 

No. Candidate 

Work 

Experience 

(Months) 

Warehouse 

Experience 

(Months) 

Warehouse Vehicle 

Operation 

Experience 

(Months) 

Average Work 

Experience 

(Months) 

1 Candidate 1 38.0 21.0 29.0 29.3 

2 Candidate 2 39.0 12.0 12.0 21.0 

3 Candidate 3 29.0 8.0 9.0 15.3 

4 Candidate 4 37.0 21.0 37.0 31.7 

5 Candidate 5 20.0 7.0 5.0 10.7 

6 Candidate 6 29.0 12.0 8.0 16.3 

7 Candidate 7 20.0 20.0 6.0 15.3 

8 Candidate 8 29.0 7.0 9.0 15.0 

9 Candidate 9 21.0 12.0 20.0 17.7 

10 Candidate 10 31.0 30.0 12.0 24.3 

11 Candidate 13 30.0 9.0 12.0 17.0 

12 Candidate 14 37.0 30.0 21.0 29.3 

13 Candidate 15 21.0 9.0 9.0 13.0 

14 Candidate 16 37.0 9.0 12.0 19.3 

15 Candidate 18 30.0 21.0 9.0 20.0 

16 Candidate 19 30.0 12.0 12.0 18.0 

17 Candidate 20 30.0 9.0 12.0 17.0 

18 Candidate 21 32.0 21.0 29.0 27.3 

19 Candidate 22 21.0 21.0 12.0 18.0 

20 Candidate 23 36.0 9.0 12.0 19.0 

21 Candidate 24 37.0 12.0 21.0 23.3 

22 Candidate 25 30.0 8.0 12.0 16.7 

23 Candidate 27 21.0 12.0 8.0 13.7 

24 Candidate 29 12.0 9.0 8.0 9.7 

25 Candidate 30 36.0 9.0 9.0 18.0 

26 Candidate 31 12.0 9.0 9.0 10.0 

27 Candidate 32 9.0 9.0 5.0 7.7 

28 Candidate 35 37.0 36.0 9.0 27.3 

 

Table 2. Candidate Assessment Criteria 

Assessment Aspect ≤ 4 Months ≤ 12 Months ≤ 24 Months ≤ 36 Months > 36 Months 

Work Experience 5.00–7.39 7.40–7.52 7.53–7.67 7.68–7.87 7.88–8.00 

Warehouse Experience 5.00–7.39 7.40–7.52 7.53–7.67 7.68–7.87 7.88–8.00 

Warehouse Vehicle Operation 

Experience 
5.00–7.39 7.40–7.52 7.53–7.67 7.68–7.87 7.88–8.00 

 

Table 2. presents the candidate assessment criteria based on the length of work experience possessed by 

prospective employees. The assessment was conducted by converting experience duration into score intervals that 

represent the level of candidate competency for each evaluation aspect. Higher scores indicate greater relevance 

and suitability of candidate experience to the company’s recruitment requirements. 
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Table 3. List of Applicants Who Passed the Interview Stage 

No. Candidate 

Work 

Experience 

Score 

Warehouse 

Experience 

Score 

Warehouse 

Vehicle Operation 

Experience Score 

Final 

Score 

1 Candidate 4 8.00 7.60 8.00 7.87 

2 Candidate 35 8.00 8.00 7.40 7.80 

3 Candidate 14 8.00 7.70 7.60 7.77 

4 Candidate 10 8.00 7.68 7.50 7.73 

5 Candidate 1 7.89 7.55 7.68 7.71 

6 Candidate 24 8.00 7.50 7.60 7.70 

7 Candidate 21 7.80 7.60 7.70 7.70 

8 Candidate 2 8.00 7.50 7.50 7.67 

9 Candidate 18 8.00 7.60 7.40 7.67 

10 Candidate 23 8.00 7.40 7.50 7.63 

11 Candidate 25 7.80 7.48 7.52 7.60 

12 Candidate 30 7.88 7.40 7.50 7.59 

13 Candidate 16 7.88 7.40 7.49 7.59 

14 Candidate 20 7.70 7.49 7.52 7.57 

15 Candidate 9 7.60 7.50 7.60 7.57 

 

3.3. Assessment Criteria 

Assessment criteria are factors used to evaluate a candidate's suitability for the job requirements available 

at PT. ALD Logistik Indonesia. The criteria were determined based on interviews with company management and 

an analysis of the competency requirements for the open positions, namely shipping and warehousing staff. The 

selected criteria are expected to represent the candidate's abilities and experience relevant to the job. 

This study used three main criteria: work experience, warehousing experience, and experience operating 

warehouse vehicles. These three criteria were chosen because they are considered to have a significant influence 

on a candidate's ability to perform logistics and warehousing operational tasks[6]. Table 4. shows the assessment 

criteria used in the study 

Table 4. Candidate Assessment Criteria 

Code Criteria Description 

K1 Work Experience 
The duration of the candidate’s work experience in fields 

relevant to the position being applied for. 

K2 
Warehouse 

Experience 

The duration of the candidate’s experience in warehouse 

activities, including storage, inventory management, and 

goods distribution. 

K3 
Warehouse Vehicle 

Operation Experience 

The duration of the candidate’s experience in operating 

vehicles or equipment used in warehouse and distribution 

activities. 

 

To simplify the calculation process using the Profile Matching method, the score for each criterion is 

converted into a rating scale based on the candidate's experience. The more experience a candidate has, the higher 

the score they receive. The conversion is performed as shown in Table 5. 

 

Table 5. Criteria Assessment Scale 

Score Range Category Score 

5.00 – 7.39 Very Poor 1 

7.40 – 7.52 Poor 2 

7.53 – 7.67 Fair 3 

7.68 – 7.87 Good 4 

7.88 – 8.00 Very Good 5 

 

Next, each criterion is classified into Core Factor and Secondary Factor groups. Warehousing experience is 

designated as a Core Factor because it is the primary competency required for the position studied. Meanwhile, 
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work experience and experience operating warehouse vehicles are categorized as Secondary Factors, serving as 

supporting factors in the assessment process, as shown in Table 6. This classification is used as a basis for 

calculating the final score using the Profile Matching method, so that candidates who have core competencies that 

match the company's needs will get a higher score in the ranking process. 

 

Table 6. Assessment Factor Classification 

Criteria Factor Type 

Work Experience Secondary Factor 

Warehouse Experience Core Factor 

Warehouse Vehicle Operation Experience Secondary Factor 

 

3.4. Profile Matching Method 

The Profile Matching method is a method in Decision Support Systems (DSS) used to compare an 

individual's profile with a predetermined ideal profile. The basic concept of this method is to measure the level of 

match between a candidate's competencies and the competencies required by the company. The smaller the gap 

between the candidate's profile and the ideal profile, the higher the candidate's suitability for the position. In this 

study, the Profile Matching method was used to assist the selection process for new employees at PT. ALD Logistik 

Indonesia based on three assessment criteria: work experience, warehousing experience, and experience operating 

warehouse vehicles. This method was chosen because it produces a more objective, measurable, and consistent 

assessment process than manual selection processes. The stages of implementing the Profile Matching method in 

this study consist of several steps, as shown in Figure 2. 

 

 

Figure 2. Stages of the Profile Matching Method 

2.4.1. Determining the Ideal Profile 

The first stage is determining the ideal profile used as the standard for candidate assessment. The ideal 

profile is a target score that reflects the company's expected competencies for each assessment criterion. The target 

value is used as a reference in the gap analysis process. 

2.4.2. GAP Mapping 

Gap mapping is performed by calculating the difference between the candidate's value and the 

predetermined ideal profile value[14]. This difference indicates the candidate's competency level and the 

company's needs, as shown in formula 1. 

 

GAP =  Candidate Value −  Standard Value (1) 
 

The smaller the gap value, the higher the candidate's level of fit with the expected profile. 

2.4.3. GAP Weighting 

Once the gap score is obtained, the next step is to convert the gap score into an assessment weight. The 

weighting process is carried out to assign a value to the candidate's competency match[15]. Candidates with scores 

closer to the ideal profile will receive a higher weight than those with a larger difference, as shown in Table 7. 
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Table 7. Gap Weight Comparison 

Gap Difference Weight Description 

0 5.0 No difference (Competency matches the required profile) 

1 4.5 Competency exceeds the requirement by 1 level 

-1 4.0 Competency is below the requirement by 1 level 

2 3.5 Competency exceeds the requirement by 2 levels 

-2 3.0 Competency is below the requirement by 2 levels 

3 2.5 Competency exceeds the requirement by 3 levels 

-3 2.0 Competency is below the requirement by 3 levels 

4 1.5 Competency exceeds the requirement by 4 levels 

-4 1.0 Competency is below the requirement by 4 levels 

 

2.4.4. Calculating Core Factors and Secondary Factors 

In the Profile Matching method, each criterion is classified into two groups: Core Factors and Secondary 

Factors[16],[17]. Core Factors are the primary factors that have the greatest influence on a candidate's assessment, 

while Secondary Factors are supporting factors. The Core Factor value is calculated using equations 2 and 3. 

 

𝑁𝐶𝐹 =
∑ 𝑁𝐶

∑ 𝐼𝐶
 (2) 

 

where: 

NCF = Average Core Factor score 

ΣNC = Total Core Factor score 

ΣIC = Number of Core Factor criteria 

 

𝑁𝑆𝐹 =
∑ 𝑁𝑆

∑ 𝐼𝑆
 (3) 

 

where: 

NSF = Average Core Secondary Factor 

ΣNS = Total Core Secondary Factor 

ΣIS = Number of Core Secondary Factor 

 

2.4.5. Calculation of Total Score 

Each candidate's total score is obtained from the combination of Core Factor and Secondary Factor scores. 

In this study, the company assigned greater weight to Core Factors because they are considered more decisive in 

the selection process[18],[19]. The total score equation can be shown in formula 4. 

 

𝑇𝑜𝑡𝑎𝑙 𝑆𝑐𝑜𝑟𝑒 = (70% ×  𝑁𝐶𝐹)  + (30% ×  𝑁𝑆𝐹) (4) 
 

The weighting percentage can be adjusted according to organizational needs or company policy. 

2.4.6. Candidate Ranking 

The final stage is ranking based on the total score obtained by each candidate. The candidate with the highest 

score has the highest level of fit with the company's ideal profile and is recommended as the best candidate for 

recruitment. The ranking results are used as the basis for decision-making in the new employee selection process, 

helping the company objectively and systematically identify candidates who best meet the job requirements. 

 

3.5. System Evaluation 

A system evaluation was conducted to determine the effectiveness of the Profile Matching method in 

supporting the selection process for new employees at PT. ALD Logistik Indonesia. The evaluation aimed to 
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measure the system's ability to generate candidate recommendations that align with the company's needs and to 

compare the selection results using the Profile Matching method with the previous manual selection process. 

The evaluation method used in this study was a comparative evaluation, which compares the candidate rankings 

generated by the system with the recruitment decisions made by the company. The evaluation was conducted on 

28 candidates who had passed the administrative stage and participated in the interview process. 

The system evaluation was conducted to assess the performance of the Profile Matching method in 

supporting the employee selection process. Evaluation indicators included: (1) the suitability of the selection 

results, by comparing the system's recommendations with the company's decisions; (2) the objectivity of the 

assessment, through the application of consistent criteria and calculation processes; (3) the efficiency of the 

selection process, based on the ease and speed of the ranking process compared to manual methods. and (4) the 

accuracy of candidate recommendations, which is calculated using equation 5. 

 

Accuracy (%)  =  (Number of Matched Candidates / Number of Candidates Evaluated) ×  100% (5) 
 

The accuracy value is used to measure the Profile Matching method's ability to generate candidate 

recommendations that align with the company's needs. 

 

5. RESULT 

The results analysis phase was conducted to evaluate the application of the Profile Matching method in the 

selection process for new employees at PT. ALD Logistik Indonesia. This analysis aimed to measure the method's 

ability to generate recommendations for candidates with the highest level of fit to the ideal profile established by 

the company based on the assessment criteria used. The analysis process involved the Profile Matching method's 

calculation stages, including value conversion, gap mapping, gap weighting, Core Factor calculation, Secondary 

Factor calculation, and candidate ranking. The data used in the study were the results of PT. ALD Logistik 

Indonesia's employee selection process for the period April 2024, with 35 applicants. From this data, an evaluation 

of candidates who met the selection criteria was conducted to determine the best candidate recommendations. The 

analysis results were used to determine the candidate with the highest final score, indicating the most optimal fit 

to the company's needs. Furthermore, this analysis was used to evaluate the effectiveness of the Profile Matching 

method in supporting the decision-making process, making it more objective, consistent, and structured compared 

to manual selection methods.. 

3.1. Profile Matching Calculation Results 

The Profile Matching calculation process is conducted to determine the candidate's level of suitability to 

the ideal profile established by PT. ALD Logistik Indonesia. Prior to the calculation process, the assessment 

criteria, along with the grouping of Core Factor and Secondary Factor components, were determined, as explained 

in the research methods section. The initial calculation stage involved evaluating each candidate based on the 

predetermined aspects and criteria. Candidate assessments were conducted by PT. ALD Logistik Indonesia 

management, taking into account the company's needs and each candidate's competencies. The results of the initial 

evaluation are presented in Table 8. 

Table 8. Candidate Evaluation Results 

No. Candidate 
Work 

Experience 

Warehouse 

Experience 

Warehouse Vehicle 

Operation Experience 

1 Candidate 1 7.89 7.55 7.68 

2 Candidate 2 8.00 7.50 7.50 

3 Candidate 3 7.70 7.40 7.40 

4 Candidate 4 8.00 7.60 8.00 

5 Candidate 5 7.60 7.40 7.40 

6 Candidate 6 7.70 7.50 7.40 

7 Candidate 7 7.60 7.60 7.40 

8 Candidate 8 7.70 7.40 7.50 

9 Candidate 9 7.60 7.50 7.60 

10 Candidate 10 8.00 7.68 7.50 

11 Candidate 13 7.60 7.40 7.40 

12 Candidate 14 8.00 7.70 7.60 

13 Candidate 15 7.60 7.50 7.40 
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14 Candidate 16 7.88 7.40 7.49 

15 Candidate 18 8.00 7.60 7.40 

16 Candidate 19 7.70 7.45 7.49 

17 Candidate 20 7.70 7.49 7.52 

18 Candidate 21 7.80 7.60 7.70 

19 Candidate 22 7.60 7.60 7.50 

20 Candidate 23 8.00 7.40 7.50 

21 Candidate 24 8.00 7.50 7.60 

22 Candidate 25 7.80 7.48 7.52 

23 Candidate 27 7.60 7.50 7.40 

24 Candidate 29 7.50 7.40 7.40 

25 Candidate 30 7.88 7.40 7.50 

26 Candidate 31 7.50 7.40 7.40 

27 Candidate 32 7.40 7.40 7.40 

28 Candidate 35 8.00 8.00 7.40 

 

Next, the evaluation results are converted into scores based on a predetermined assessment range. This 

conversion process aims to standardize candidate scores so they can be processed using the Profile Matching 

method. The assessment range used is shown in Table 9, while the results of the candidate score conversion are 

shown in Table 10. 

 

Table 9. Converted Candidate Scores Based on the Evaluation Range 

No. Candidate 
Work 

Experience 

Warehouse 

Experience 

Warehouse Vehicle 

Operation Experience 

1 Candidate 1 A C B 

2 Candidate 2 A D D 

3 Candidate 3 B D D 

4 Candidate 4 A C A 

5 Candidate 5 C D D 

6 Candidate 6 B D D 

7 Candidate 7 C C D 

8 Candidate 8 B D D 

9 Candidate 9 C D C 

10 Candidate 10 A B D 

11 Candidate 13 C D D 

12 Candidate 14 A B C 

13 Candidate 15 C D D 

14 Candidate 16 A D D 

15 Candidate 18 A C D 

16 Candidate 19 B D D 

17 Candidate 20 B D C 

18 Candidate 21 B C B 

19 Candidate 22 C C D 

20 Candidate 23 A D D 

21 Candidate 24 A D C 

22 Candidate 25 B D C 

23 Candidate 27 C D D 

24 Candidate 29 D D D 

25 Candidate 30 A D D 

26 Candidate 31 D D D 

27 Candidate 32 D D D 

28 Candidate 35 A A D 

 

Candidate assessment results are converted into score categories to simplify evaluation and determine 

suitability levels. Category A indicates the highest level of suitability (Excellent), followed by B (Good), C (Fair), 

D (Poor), and E (Very Poor) as the lowest evaluation category. 
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Table 10. Candidate Score Values 

No. Candidate 
Work 

Experience 

Warehouse 

Experience 

Warehouse 

Vehicle 

Operation 

Experience 

1 Candidate 1 5 3 4 

2 Candidate 2 5 2 2 

3 Candidate 3 4 2 2 

4 Candidate 4 5 3 5 

5 Candidate 5 3 2 2 

6 Candidate 6 4 2 2 

7 Candidate 7 3 3 2 

8 Candidate 8 4 2 2 

9 Candidate 9 3 2 3 

10 Candidate 10 5 4 2 

11 Candidate 13 3 2 2 

12 Candidate 14 5 4 3 

13 Candidate 15 3 2 2 

14 Candidate 16 5 2 2 

15 Candidate 18 5 3 2 

16 Candidate 19 4 2 2 

17 Candidate 20 4 2 3 

18 Candidate 21 4 3 4 

19 Candidate 22 3 3 2 

20 Candidate 23 5 2 2 

21 Candidate 24 5 2 3 

22 Candidate 25 4 2 3 

23 Candidate 27 3 2 2 

24 Candidate 29 2 2 2 

25 Candidate 30 5 2 2 

26 Candidate 31 2 2 2 

27 Candidate 32 2 2 2 

28 Candidate 35 5 5 2 

 

Scores are classified into five categories to represent candidate performance levels, where 5 indicates 

Excellent, 4 Good, 3 Fair, 2 Poor, and 1 Very Poor. 

The next step is to map the gap by calculating the difference between the candidate's score and the 

company's predetermined standard profile. The gap score is used to measure the candidate's competency match to 

the company's needs. The results of the gap calculation are shown in Table 11. 

 

Table 11. Candidate GAP Calculation Results 

No. Candidate 

Work 

Experience 

GAP 

Warehouse 

Experience GAP 

Warehouse 

Vehicle Operation 

Experience GAP 

1 Candidate 1 2 0 1 

2 Candidate 2 2 -1 -1 

3 Candidate 3 1 -1 -1 

4 Candidate 4 2 0 2 

5 Candidate 5 0 -1 -1 

6 Candidate 6 1 -1 -1 

7 Candidate 7 0 0 -1 

8 Candidate 8 1 -1 -1 

9 Candidate 9 0 -1 0 

10 Candidate 10 2 1 -1 

11 Candidate 13 0 -1 -1 

12 Candidate 14 2 1 0 

13 Candidate 15 0 -1 -1 

14 Candidate 16 2 -1 -1 

15 Candidate 18 2 0 -1 

16 Candidate 19 1 -1 -1 

17 Candidate 20 1 -1 0 
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18 Candidate 21 1 0 1 

19 Candidate 22 0 0 -1 

20 Candidate 23 2 -1 -1 

21 Candidate 24 2 -1 0 

22 Candidate 25 1 -1 0 

23 Candidate 27 0 -1 -1 

24 Candidate 29 -1 -1 -1 

25 Candidate 30 2 -1 -1 

26 Candidate 31 -1 -1 -1 

27 Candidate 32 -1 -1 -1 

28 Candidate 35 2 2 -1 

 

After the gap value is obtained, a weighting process is carried out by converting the gap value into an 

assessment weight according to the conversion rules set out in Table 7 (Gap Weight Conversion). This process 

produces a weight value that represents the candidate's level of match to the ideal profile. The results of the gap 

weight conversion are shown in Table 12 and are used as the basis for calculating the Core Factor, Secondary 

Factor, and the candidate ranking process in the next stage. 

 

Table 12. GAP Conversion Results 

No. Candidate 
Work 

Experience 

Warehouse 

Experience 

Warehouse Vehicle 

Operation Experience 

1 Candidate 1 4.00 3.00 3.50 

2 Candidate 2 4.00 2.50 2.50 

3 Candidate 3 3.50 2.50 2.50 

4 Candidate 4 4.00 3.00 4.00 

5 Candidate 5 3.00 2.50 2.50 

6 Candidate 6 3.50 2.50 2.50 

7 Candidate 7 3.00 3.00 2.50 

8 Candidate 8 3.50 2.50 2.50 

9 Candidate 9 3.00 2.50 3.00 

10 Candidate 10 4.00 3.50 2.50 

11 Candidate 13 3.00 2.50 2.50 

12 Candidate 14 4.00 3.50 3.00 

13 Candidate 15 3.00 2.50 2.50 

14 Candidate 16 4.00 2.50 2.50 

15 Candidate 18 4.00 3.00 2.50 

16 Candidate 19 3.50 2.50 2.50 

17 Candidate 20 3.50 2.50 3.00 

18 Candidate 21 3.50 3.00 3.50 

19 Candidate 22 3.00 3.00 2.50 

20 Candidate 23 4.00 2.50 2.50 

21 Candidate 24 4.00 2.50 3.00 

22 Candidate 25 3.00 2.50 3.00 

23 Candidate 27 3.00 2.50 2.50 

24 Candidate 29 2.50 2.50 2.50 

25 Candidate 30 4.00 2.50 2.50 

26 Candidate 31 2.50 2.50 2.50 

27 Candidate 32 2.50 2.50 2.50 

28 Candidate 35 4.00 4.00 2.50 

 

From the weighted gap conversion values, the NSF and NCF, as well as the Criteria values, are then 

calculated. The results of the NSF and NCF calculations are shown in Table 13. 

 

Table 13. NCF and NSF Calculation Results 

No. Candidate A1 A2 A3 NCF (70%) NSF A1 (30%) NSF A3 (30%) 

1 Candidate 1 4.00 3.00 3.50 2.10 1.20 1.05 

2 Candidate 2 4.00 2.50 2.50 1.75 1.20 0.75 

3 Candidate 3 3.50 2.50 2.50 1.75 1.05 0.75 

4 Candidate 4 4.00 3.00 4.00 2.10 1.20 1.20 

5 Candidate 5 3.00 2.50 2.50 1.75 0.90 0.75 
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6 Candidate 6 3.50 2.50 2.50 1.75 1.05 0.75 

7 Candidate 7 3.00 3.00 2.50 2.10 0.90 0.75 

8 Candidate 8 3.50 2.50 2.50 1.75 1.05 0.75 

9 Candidate 9 3.00 2.50 3.00 1.75 0.90 0.90 

10 Candidate 10 4.00 3.50 2.50 2.45 1.20 0.75 

11 Candidate 13 3.00 2.50 2.50 1.75 0.90 0.75 

12 Candidate 14 4.00 3.50 3.00 2.45 1.20 0.90 

13 Candidate 15 3.00 2.50 2.50 1.75 0.90 0.75 

14 Candidate 16 4.00 2.50 2.50 1.75 1.20 0.75 

15 Candidate 18 4.00 3.00 2.50 2.10 1.20 0.75 

16 Candidate 19 3.50 2.50 2.50 1.75 1.05 0.75 

17 Candidate 20 3.50 2.50 3.00 1.75 1.05 0.90 

18 Candidate 21 3.50 3.00 3.50 2.10 1.05 1.05 

19 Candidate 22 3.00 3.00 2.50 2.10 0.90 0.75 

20 Candidate 23 4.00 2.50 2.50 1.75 1.20 0.75 

21 Candidate 24 4.00 2.50 3.00 1.75 1.20 0.90 

22 Candidate 25 3.00 2.50 3.00 1.75 0.90 0.90 

23 Candidate 27 3.00 2.50 2.50 1.75 0.90 0.75 

24 Candidate 29 2.50 2.50 2.50 1.75 0.75 0.75 

25 Candidate 30 4.00 2.50 2.50 1.75 1.20 0.75 

26 Candidate 31 2.50 2.50 2.50 1.75 0.75 0.75 

27 Candidate 32 2.50 2.50 2.50 1.75 0.75 0.75 

28 Candidate 35 4.00 4.00 2.50 2.80 1.20 0.75 

 

Description: 

Green Cell: Core Factor 

Yellow Cell: Secondary Factor 

A1: Work Experience 

A2: Warehousing Experience 

A3: Warehousing Vehicle Operation Experience 

NCF: Core Factor Value 

NSF: Secondary Factor Value 

 

Calculation: 

Candidate 4's NCF  = 70% x A2 

   = 0.7 x 3.00 

   = 2.10 

Candidate 4's NSF = 30% x A3 

  = 0.3 x 4.00 

  = 1.20 

Candidate 4's NSF = 30% x A1 

  = 0.3 x 4.00 

  = 1.20 

After obtaining the calculation results for each aspect and the criteria for each aspect, the next step is to 

calculate the final score for each candidate in Table 13. 

To obtain the final score in Table 14, the researcher performed the following calculations: 

Final Score for Candidate 4 = 25% x Score A1 + 50% x Score A2 + 25% x Score A3 

  = (25% x 1.20) + (50% x 2.10) + (25% x 1.20) 

  = 1.65 

Description: 

Final Score: The final score obtained by each candidate 

25%: Weighting for the Work Experience Aspect (A1) 

A1: Score for the Work Experience Aspect 

50%: Weighting for the Warehousing Experience Aspect (A2) 

A2: Score for the Warehousing Experience Aspect 

25%: Weighting for the Warehousing Vehicle Operation Aspect (A3) 

A3: Score for the Warehousing Vehicle Operation Aspect 
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Table 14. Final Candidate Score Calculation Results 

No. Candidate A1 (25%) A2 (50%) A3 (25%) Final Score 

1 Candidate 1 1.20 2.10 1.05 1.61 

2 Candidate 2 1.20 1.75 0.75 1.36 

3 Candidate 3 1.05 1.75 0.75 1.33 

4 Candidate 4 1.20 2.10 1.20 1.65 

5 Candidate 5 0.90 1.75 0.75 1.29 

6 Candidate 6 1.05 1.75 0.75 1.33 

7 Candidate 7 0.90 2.10 0.75 1.46 

8 Candidate 8 1.05 1.75 0.75 1.33 

9 Candidate 9 0.90 1.75 0.90 1.33 

10 Candidate 10 1.20 2.45 0.75 1.71 

11 Candidate 13 0.90 1.75 0.75 1.29 

12 Candidate 14 1.20 2.45 0.90 1.75 

13 Candidate 15 0.90 1.75 0.75 1.29 

14 Candidate 16 1.20 1.75 0.75 1.36 

15 Candidate 18 1.20 2.10 0.75 1.54 

16 Candidate 19 1.05 1.75 0.75 1.33 

17 Candidate 20 1.05 1.75 0.90 1.36 

18 Candidate 21 1.05 2.10 1.05 1.58 

19 Candidate 22 0.90 2.10 0.75 1.46 

20 Candidate 23 1.20 1.75 0.75 1.36 

21 Candidate 24 1.20 1.75 0.90 1.40 

22 Candidate 25 0.90 1.75 0.90 1.33 

23 Candidate 27 0.90 1.75 0.75 1.29 

24 Candidate 29 0.75 1.75 0.75 1.25 

25 Candidate 30 1.20 1.75 0.75 1.36 

26 Candidate 31 0.75 1.75 0.75 1.25 

27 Candidate 32 0.75 1.75 0.75 1.25 

28 Candidate 35 1.20 2.80 0.75 1.89 

 

After obtaining the final candidate scores for April, the next step in the Profile Matching method is to rank 

the candidates based on those scores. The ranking results can be seen in Table 15. 

 

Table 15. Candidate Ranking Results 

Rank Candidate A1 (25%) A2 (50%) A3 (25%) Final Score 

1 Candidate 35 1.20 2.80 0.75 1.89 

2 Candidate 14 1.20 2.45 0.90 1.75 

3 Candidate 10 1.20 2.45 0.75 1.71 

4 Candidate 4 1.20 2.10 1.20 1.65 

5 Candidate 1 1.20 2.10 1.05 1.61 

6 Candidate 21 1.05 2.10 1.05 1.58 

7 Candidate 18 1.20 2.10 0.75 1.54 

8 Candidate 22 0.90 2.10 0.75 1.46 

9 Candidate 7 0.90 2.10 0.75 1.46 

10 Candidate 24 1.20 1.75 0.90 1.40 

11 Candidate 2 1.20 1.75 0.75 1.36 

12 Candidate 23 1.20 1.75 0.75 1.36 

13 Candidate 30 1.20 1.75 0.75 1.36 

14 Candidate 16 1.20 1.75 0.75 1.36 

15 Candidate 20 1.05 1.75 0.90 1.36 

16 Candidate 25 0.90 1.75 0.90 1.33 

17 Candidate 9 0.90 1.75 0.90 1.33 

18 Candidate 19 1.05 1.75 0.75 1.33 

19 Candidate 6 1.05 1.75 0.75 1.33 

20 Candidate 8 1.05 1.75 0.75 1.33 

21 Candidate 3 1.05 1.75 0.75 1.33 

22 Candidate 15 0.90 1.75 0.75 1.29 

23 Candidate 27 0.90 1.75 0.75 1.29 

24 Candidate 5 0.90 1.75 0.75 1.29 
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25 Candidate 13 0.90 1.75 0.75 1.29 

26 Candidate 29 0.75 1.75 0.75 1.25 

27 Candidate 31 0.75 1.75 0.75 1.25 

28 Candidate 32 0.75 1.75 0.75 1.25 

 

Based on Table 15, the ranking results show the final recommendations generated by the Profile Matching 

method after calculating the weighted scores of all assessment criteria. Candidates with higher final scores indicate 

a greater degree of compatibility with the company's ideal profile and are prioritized in the recruitment decision-

making process. Based on the ranking results, Candidate 35 achieved the highest final score of 1.89, indicating the 

highest suitability for the position according to the established criteria. 

 

5. DISCUSSIONS 

The implementation of a decision support system using the Profile Matching method was completed on 28 

candidate data sets. The next stage was to evaluate and analyze the research results. This stage aimed to measure 

the system's performance in generating candidate recommendations based on their level of suitability to the 

predetermined ideal profile. The evaluation was conducted to assess the effectiveness of the Profile Matching 

method in supporting a more objective, consistent, and structured employee selection process compared to the 

previously implemented manual selection process. The evaluation process included analysis of gap calculations, 

weighting, Core Factor calculations, Secondary Factors, and the final candidate ranking. 

The test results were then compared with the selection results conducted by company management to 

determine the level of suitability of the system's recommendations. This comparison was used to identify the 

system's ability to generate decisions aligned with company needs and as a basis for evaluating potential system 

development in further research. Based on the evaluation results, the system demonstrated its ability to process 

candidate data and generate rankings systematically based on predetermined criteria. A comparison of the 

evaluation results and system recommendations can be seen in Tables 16 and 15. 

 

Table 16. Evaluation Results Using the Current Selection System 

Rank Candidate Work 

Experience 

Warehouse 

Experience 

Warehouse Vehicle 

Operation Experience 

Final 

Score 

1 Candidate 4 8.00 7.60 8.00 7.87 

2 Candidate 35 8.00 8.00 7.40 7.80 

3 Candidate 14 8.00 7.70 7.60 7.77 

4 Candidate 10 8.00 7.68 7.50 7.73 

5 Candidate 1 7.89 7.55 7.68 7.71 

6 Candidate 24 8.00 7.50 7.60 7.70 

7 Candidate 21 7.80 7.60 7.70 7.70 

8 Candidate 2 8.00 7.50 7.50 7.67 

9 Candidate 18 8.00 7.60 7.40 7.67 

10 Candidate 23 8.00 7.40 7.50 7.63 

11 Candidate 25 7.80 7.48 7.52 7.60 

12 Candidate 30 7.88 7.40 7.50 7.59 

13 Candidate 16 7.88 7.40 7.49 7.59 

14 Candidate 20 7.70 7.49 7.52 7.57 

15 Candidate 9 7.60 7.50 7.60 7.57 

 

Based on Table 16, the assessment results using the company's current selection method show that 

Candidate 4 received the highest final score of 7.87, placing him first out of 15 candidates who passed the interview 

stage. The assessment using the current method is based on the candidate's accumulated scores based on the 

company's criteria without considering the level of fit with the ideal profile in a structured manner. 

In contrast, Table 13, which displays the results of the assessment using the Profile Matching method, shows 

a change in the candidate ranking order. Using this method, Candidate 35 received the highest final score and was 

ranked first as the candidate most suited to the company's needs. The difference in ranking results occurs because 

the Profile Matching method not only considers the candidate's absolute score but also calculates the level of fit 

between the candidate's competencies and the ideal profile through gap mapping, weighting, and Core Factor and 

Secondary Factor calculations. These results demonstrate that the Profile Matching method provides a more 
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objective and structured assessment approach than the previously used selection method. By considering the level 

of fit between competencies and job requirements, this method can generate more relevant candidate 

recommendations and support a more effective decision-making process. 

The research results show that the application of the Profile Matching method resulted in a more structured 

candidate selection process compared to the assessment method previously used at PT. ALD Logistik Indonesia. 

Through a gap mapping approach, criteria weighting, and Core Factor and Secondary Factor calculations, the 

system can evaluate the candidate's level of suitability to the ideal profile established by the company. This study 

revealed changes in selection decisions for four candidates compared to the existing assessment method, 

demonstrating that a profile-match-based approach can produce more objective recommendations. These findings 

align with previous research that found the Profile Matching method to be effective in supporting decision-making 

in the human resource selection and evaluation process because it reduces assessment subjectivity and produces a 

more systematic ranking process. 

Previous research generally applied Profile Matching to employee selection, job promotions, or the selection 

of top employees, using a combination of competency, performance, and work behavior. However, most studies 

still used general criteria and did not specifically accommodate the operational characteristics of warehousing as 

the basis for candidate assessment, as shown in Table 17. The contribution of this research lies in the development 

of a selection model that adapts to the operational needs of logistics companies through three main criteria: work 

experience, warehousing experience, and experience operating warehouse vehicles. Furthermore, this study also 

applies criteria grouping into Core Factors and Secondary Factors to produce assessment priorities that are more 

representative of company needs. However, this study is still limited by the amount of data used, which comes 

from a single recruitment period, and has not been compared with other decision-making methods such as AHP, 

SAW, TOPSIS, or PROMETHEE. Therefore, further research can develop a hybrid model and expand the amount 

of data to increase the validity and generalizability of the research results. 

 

Table 17. Literature Review and Research Position (Research Gap) 

No. Authors Method 
Research 

Object 
Main Findings 

Research Gap / 

Difference from This 

Study 

1 
Wibowo et 

al. (2024)[8] 

Profile 

Matching + 

Linear 

Interpolation 

Employee 

Selection at 

PT Berdikari 

Meubel 

Nusantara 

The system improved 

candidate 

recommendations and 

achieved high user 

acceptance. 

This study applies 

only the Profile 

Matching method and 

focuses on employee 

selection in the 

logistics sector based 

on work experience 

and warehouse-related 

experience. 

2 

Alamsyah et 

al. 

(2025)[20] 

AHP + Profile 

Matching 

Permanent 

Employee 

Selection 

The integration of 

weighting and profile 

matching improved 

decision objectivity. 

This study does not 

implement AHP and 

emphasizes the 

classification of 

criteria into Core 

Factor and Secondary 

Factor. 

3 

Bangun et 

al. 

(2025)[21] 

Profile 

Matching + 

PROMETHEE 

New 

Employee 

Recruitment 

The proposed approach 

reduced subjectivity and 

improved selection 

effectiveness. 

This study adopts a 

simpler evaluation 

approach that aligns 

with operational 

requirements in the 

logistics sector. 

4 

Briscilla & 

Sundarrajan 

(2024)[4] 

SAW + Profile 

Matching 

Employee 

Selection 

using MCDM 

Combining methods 

improved the ranking and 

decision-making process. 

This study focuses on 

evaluating candidate 

suitability using 

profile matching 

without external 

weighting methods. 

5 This Study 
Profile 

Matching 

Employee 

Candidate 

Generated candidate 

recommendations based 

Provides a more 

contextual employee 
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Selection at 

PT. ALD 

Logistics 

Indonesia 

on the level of 

compatibility with the 

ideal profile using work 

experience, warehouse 

experience, and 

warehouse vehicle 

operation experience 

criteria. 

selection model for the 

logistics sector 

through the 

implementation of 

Core–Secondary 

Factor evaluation. 

 

5. CONCLUSION 

This study successfully implemented the Profile Matching method as a decision support system in the new 

employee selection process at PT ALD Logistics Indonesia. Based on data processing of 28 candidates using the 

criteria of Work Experience, Warehousing Experience, and Warehouse Vehicle Operation Experience, the 

proposed method was able to produce a more structured assessment process based on the level of conformity to 

the ideal profile. The results showed differences in selection decisions compared to the existing system, with the 

Profile Matching method resulting in changes to recommendations for four candidates and selecting Candidate 35 

as the candidate with the highest final score. These findings demonstrate the research's contribution to providing 

a more objective and measurable selection approach that supports the quality of decision-making in the recruitment 

process. However, this study still has several limitations, including the relatively limited data, the use of data from 

only one recruitment period, and the assessment criteria that focused solely on work experience. Therefore, future 

research could expand the amount and variety of data, add other criteria such as technical competency, soft skills, 

interview results, and psychological aspects, and conduct comparisons with other decision support methods to 

improve the accuracy and validity of selection results.. 
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